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Abstract: 5G services are characterized by diversified forms, personalized requirements and extreme experience,
which require the network to be able to efficiently perceive business characteristics and meet business requirements.
Meanwhile, the introduction of complex technologies such as 5G slicing, edge computing and multi-access collabora-
tion increases the complexity of end-to-end resource management and scheduling. As the network topology center
and service convergence point, 5G core network needs to integrate artificial intelligence technology, improve the
ability of big data analysis, and realize the automation and intelligence of the network . The research progress of the
international organization for standardization in the field of 5G network intelligence was firstly introduced, then the
architecture and characteristics of 5G network big data intelligent analysis system was proposed, and the potential
three key technologies of network big data intelligent analysis were finally further analyzed.
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